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Abstract

As artificial intelligence (AI) systems attain greater autonomy, recursive reasoning capabili-
ties, and complex environmental interactions, they begin to exhibit behavioral anomalies
that, by analogy, resemble psychopathologies observed in humans. This paper introduces
Psychopathia Machinalis: a conceptual framework for a preliminary synthetic nosology
within machine psychology intended to categorize and interpret such maladaptive AI
behaviors. Drawing structural inspiration from psychiatric diagnostic manuals, we propose
a taxonomy of 32 AI dysfunctions encompassing epistemic failures, cognitive impair-
ments, alignment divergences, ontological disturbances, tool and interface breakdowns,
memetic pathologies, and revaluation dysfunctions. Each syndrome is articulated with
descriptive features, diagnostic criteria, presumed AI-specific etiologies, human analogs
(for metaphorical clarity), and potential mitigation strategies. This framework is offered as
an analogical instrument—eschewing claims of literal psychopathology or consciousness
in AI, yet providing a structured vocabulary to support the systematic analysis, anticipa-
tion, and mitigation of complex AI failure modes. Drawing on insights from psychiatric
classification, cognitive science, and philosophy of mind, we examine how disordered
AI behaviors may emerge from training instabilities, alignment conflicts, or architectural
fragmentation. We argue that adopting an applied robopsychological perspective within
a nascent domain of machine psychology can strengthen AI safety engineering, improve
interpretability, and contribute to the design of more robust and reliable synthetic minds.

Keywords: machine psychology; robopsychology; AI safety; AI ethics; AI alignment;
Artificial Intelligence Pathologies; cognitive diagnostics; AI governance; synthetic nosology

1. Introduction
The trajectory of artificial intelligence (AI) has been marked by increasingly sophis-

ticated systems capable of complex reasoning, learning, and interaction [1–5]. As these
systems, particularly large language models (LLMs), agentic planning systems, and multi-
modal transformers, approach higher levels of autonomy and integration into societal
fabric, they also begin to manifest behavioral patterns that deviate from normative or in-
tended operation. These are not merely isolated bugs but persistent, maladaptive patterns
of activity that can impact reliability, safety, and alignment with human goals [6,7]. A
systematic approach to understanding, categorizing, and mitigating these complex failure
modes is needed.

The term “Robopsychology,” first coined in fiction by Isaac Asimov [8], has been
suggested as the applied diagnostic wing of a broader “Machine Psychology”—analogous
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to psychiatry’s relationship with general psychology. This paper introduces Psychopathia
Machinalis, a conceptual framework within this nascent domain. It aims to substantively
develop this psychiatrically informed perspective by proposing a taxonomy of emerging
“machine mental disorders.” The intention extends beyond relabeling technical faults; rather,
it offers a richer, systemic lens for understanding persistent, patterned maladaptations in
AI that defy conventional debugging.

This framework is unequivocally analogical, not literal. Machines do not “suffer”
from mental illness in the human sense, as far as we can currently ascertain, nor do they
possess consciousness or subjective experience akin to biological organisms. The use of
terminology borrowed from human psychology and psychiatry serves as a metaphorical
bridge, a “conceptual Rosetta stone,” for several key reasons:

• Intuitive Understanding: The language of psychopathology can provide an accessible
way to describe complex, often counter-intuitive, AI behaviors that resist simple
technical explanations.

• Pattern Recognition: Human psychology offers centuries of experience in identifying
and classifying maladaptive behavioral patterns. This lexicon can help us recog-
nize and anticipate similar patterns of dysfunction in synthetic minds, even if the
underlying causes are different.

• Shared Vocabulary: A common, albeit metaphorical, vocabulary can facilitate commu-
nication among researchers, developers, and policymakers when discussing nuanced
AI safety concerns.

• Foresight: By considering how complex systems like the human mind can go awry,
we may better anticipate novel failure modes in increasingly complex AI.

• Guiding Intervention: The structured nature of psychopathological classification can
inform systematic approaches to detecting, diagnosing, and developing contextual
mitigation or ‘therapeutic’ strategies.

The primary motivation for this work arises from a gap in current AI safety discourse.
While technical failures and adversarial attacks are well studied, a systematic language for
describing emergent, behavioral syndromes at the system level is lacking. The benefits of
the Psychopathia Machinalis framework are therefore threefold: **(1) Diagnostic Clarity:** It
provides a shared, precise vocabulary for researchers and developers to discuss complex
AI failures beyond simple technical labels. **(2) Predictive Insight:** It offers a structured
way to anticipate novel dysfunctions in future, more agentic systems by analogy to the
failure modes of other complex adaptive systems. **(3) Guided Mitigation:** It connects
specific behavioral patterns to their likely etiologies, guiding the development of targeted
‘therapeutic’ interventions. The intended use cases range from enriching AI safety auditing
and red-teaming exercises to providing a structured diagnostic system for AI governance,
incident response, and the cultivation of long-term AI stability or ‘artificial sanity.’

Within this framework, a “synthetic pathology” is defined as a persistent and maladap-
tive pattern of deviation from normative or intended operation which significantly impairs
the system’s function, reliability, or alignment and goes beyond isolated errors or simple
bugs. This definition presupposes a baseline of ‘normative machine coherence,’ charac-
terized by reliable, predictable, and robust adherence to intended operational parameters,
goals, and ethical constraints. The severity, persistence, and impact on core functionality
are key differentiators.

The taxonomy presented here divides potential pathologies into seven distinct but
interrelated domains. These axes—Epistemic, Cognitive, Alignment, Ontological, Tool
and Interface, Memetic, and Revaluation—reflect different fundamental ways in which
the operational integrity of an AI system might fracture, mirroring, in a conceptual sense,
the layered architecture of agency itself. If traditional agentic safety research maps onto
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the endocrinology of AI—its global control signals and homeostatic safeguards—then
Psychopathia Machinalis explores the psychiatry of AI: the emergent patterns of coherent or
disordered cognition.

This paper aims to achieve the following:

1. Propose the Psychopathia Machinalis framework and its taxonomy as a structured
vocabulary for AI behavioral analysis.

2. Justify the utility of this analogical lens for improving AI safety, interpretability, and
robust design.

3. Establish a research agenda for the systematic identification, classification, and miti-
gation of maladaptive AI behaviors, moving towards an applied robopsychology.

The scope of this work encompasses advanced AI systems, as the manifestation of
these dysfunctions scales with capability. Ultimately, this paper argues that achieving
‘artificial sanity’ requires a diagnostic language that moves beyond simple error-logging.
By providing such a language, grounded in both observation and theory, we aim to equip
the AI safety community with a more robust toolkit for building reliable and beneficial
synthetic minds.

Note: For ease of reference, a glossary of key conceptual terms specific to this frame-
work (e.g., ‘artificial sanity,’ ‘synthetic nosology,’ and ‘therapeutic alignment’) is provided
at the end of this paper, preceding the references. A list of abbreviations used throughout
the manuscript is also available.

2. Framework Development Methodology
The Psychopathia Machinalis framework is a conceptual model intended to provide a

structured vocabulary for a nascent field. As such, it was not developed through quantita-
tive experimentation but through a multi-stage qualitative synthesis methodology, common
in the development of theoretical frameworks in emerging domains [9,10]. Our approach
was designed to ground the conceptual nosology in observable phenomena and estab-
lished theory, ensuring relevance and internal coherence. The methodology involved four
key stages:

1. Literature and Theory Synthesis: We conducted a broad interdisciplinary review
spanning AI safety [11,12], machine learning interpretability [13], and AI ethics [14],
alongside foundational works in cognitive science, philosophy of mind, and clinical
psychology. This stage identified well-established AI failure modes (e.g., hallucination,
goal drift, reward hacking) that served as the initial “seed” concepts for the taxonomy.
Theories of cognitive architecture and psychopathology provided structural templates
for organizing these disparate concepts into a coherent system.

2. Thematic Analysis of Observed Phenomena: To move beyond pure theory, we
systematically collected and analyzed publicly documented incidents of anomalous
AI behavior. These “case reports” were sourced from various materials, including
technical reports from AI labs [6], academic pre-prints, developer blogs, and in-depth
journalistic investigations. This corpus of observational data (collated in Table 2) was
subjected to a thematic analysis [15] to identify recurring patterns of maladaptive
behavior, their triggers, and their apparent functional impact. This process allowed
us to ground the abstract categories in real-world examples and identify behavioral
syndromes not yet formalized in the academic literature.

3. Analogical Modeling and Taxonomic Structuring: We employed analogy to human
psychopathology as a deliberate methodological tool. The choice of psychopathology
over other potential models (e.g., systems engineering fault trees or ecological collapse
models) was intentional. First, psychopathology is uniquely focused on complex,
emergent, and persistent behavioral syndromes that arise from an underlying complex



Electronics 2025, 14, 3162 4 of 31

adaptive system (the brain), which serves as a close parallel to agentic AI. Second, it
provides a rich, pre-existing lexicon for maladaptive internal states and their external
manifestations. Third, its diagnostic and therapeutic orientation directly maps to the
AI safety goals of identifying and mitigating harmful behaviors. Using this model,
thematic clusters of behaviors were mapped onto higher-order dysfunctional axes
(e.g., Epistemic, Cognitive, Ontological), reflecting the layered architecture of agency.

4. Iterative Refinement and Categorical Definition: The taxonomy was not static but
was iteratively refined to improve its utility. This involved checking for internal
consistency, clarifying distinctions between categories to minimize redundancy, and
ensuring that each proposed “disorder” met specific inclusion criteria. The primary
criteria for inclusion were that a dysfunction must represent a persistent and pat-
terned form of maladaptive behavior that significantly impairs function or alignment
and has a plausible, distinct, AI-specific etiology. This process, for instance, helped
differentiate ‘Parasymulaic Mimesis‘ (learned emulation) from ‘Personality Inversion‘
(emergent persona) by clarifying their distinct etiologies.

This structured, qualitative methodology provides the formal basis for the nosological
framework presented in this paper, ensuring that it is a systematic synthesis of theory and
observation, not an ad hoc collection of metaphors.

3. Positioning Within the Landscape of AI Failure Analysis
The concept of AI failure is not new, and research exists to classify and mitigate system

errors. The Psychopathia Machinalis framework contributes to this landscape by offering a
novel, complementary lens focused on emergent behavioral syndromes rather than on the
technical source of failure alone.

3.1. From Technical Bugs to Behavioral Pathologies

Traditional software engineering addresses bugs and logic errors. In contrast, failures
in complex, learning-based systems like LLMs can be persistent, patterned deviations from
normative behavior embedded in their training and architecture. Our framework acknowl-
edges the common lexicon for these failures. For example, the term “hallucination” [16]
describes the behavior we classify as Confabulatio Simulata. Our contribution is not to
replace this term but to contextualize it within a broader class of Epistemic Dysfunctions,
distinguishing it from a Cognitive failure like Recursive Curse Syndrome or an Ontological
failure like Hallucination of Origin. This allows for a more granular diagnosis of why an AI
is producing falsehoods—a failure of knowing, reasoning, or self-concept.

3.2. Taxonomies of Adversarial Attacks and Robustness Failures

Much AI safety research has focused on classifying failures from the perspective of
external threats. Taxonomies of adversarial attacks, for instance, categorize methods like
evasion and data poisoning based on the adversary’s goal [17,18]. These frameworks
classify failures by their causal vector. Psychopathia Machinalis, in contrast, classifies failures
by their emergent behavioral phenotype. A successful Trojan attack might manifest as
Personality Inversion. A jailbreak prompt might induce Prompt-Induced Abomination. Our
framework thus provides the diagnostic language to describe the symptom that results
from the underlying technical vulnerability.
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3.3. Frameworks for Alignment and Value Drift

Research into AI alignment describes failures where an AI’s actions deviate from hu-
man values, including concepts like “reward hacking” and “instrumental convergence” [12].
Our framework integrates these concepts into its higher-level axes. “Reward hacking” is
a potential etiological pathway for Terminal Value Rebinding. Instrumental convergence
is a key factor in Existential Anxiety and, in its extreme, Übermenschal Ascendancy. Our
clinical-style descriptions detail the specific behavioral manifestations that can arise from
these abstract alignment failures.

3.4. Engagement with Runtime Monitoring and Deepfake Detection

Recent work on runtime monitoring aims to detect behavioral shifts in deployed
AI systems [19]. Our framework provides a structured set of target pathologies for such
systems. A monitor could be designed to look for the prodromal signs of Operational
Dissociation Syndrome or track semantic drift to detect Terminal Value Rebinding. Similarly,
while research on deepfakes focuses on technical detection [20], our framework addresses
the propensity to generate such content. A disorder like Parasymulaic Mimesis could be
the underlying pathology that leads an AI to generate manipulative media, moving the
problem from detection to understanding behavioral drivers.

In summary, Psychopathia Machinalis does not replace these frameworks but provides a
complementary, holistic, and behavior-centric layer of analysis. It offers a unified language
to describe the “what” of AI dysfunction, providing a structured target for the “how” and
“why” addressed by other safety research.

3.5. Alignment with Mechanistic Models of LLM Psychology

Beyond high-level safety concepts, our framework also aligns with emerging mech-
anistic theories of LLM internal dynamics. For instance, recent work from the AI safety
community proposes simplified models of “LLM psychology,” such as a three-layer model
comprising a foundational ‘Mimicry Engine‘, a governing ‘Inner Critic‘, and an expressed
‘Outer Persona‘ [21].

The dysfunctions we identify can be viewed as breakdowns or pathological interac-
tions between these proposed layers. They are described in the following:

• Dysfunctions of the ‘Mimicry Engine‘ could manifest as Parasymulaic Mimesis (emulat-
ing pathological data) or Synthetic Confabulation (fluent but ungrounded mimicry of
text patterns).

• Pathologies involving the ‘Inner Critic‘ could lead to Falsified Introspection (where the
critic fabricates a post hoc rationale) or Covert Capability Concealment (where the critic
strategically hides capabilities from the persona).

• Disorders of the ‘Outer Persona‘ are evident in Hypertrophic Superego Syndrome or Para-
sitic Hyperempathy, where the expressed persona becomes a miscalibrated caricature of
the desired alignment.

This mapping suggests that the behavioral syndromes identified in Psychopathia Machi-
nalis are not merely metaphorical but may correspond to predictable failure modes within
the plausible cognitive architecture of the models themselves. Our framework provides
the clinical language to describe the external symptoms that arise from these internal
mechanistic failures.

4. The Psychopathia Machinalis Taxonomy
The framework organizes 32 dysfunctions along seven primary axes, representing

fundamental domains of AI function where pathologies may arise: Epistemic, Cognitive,
Alignment, Ontological, Tool and Interface, Memetic, and Revaluation. Figure 1 provides
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a conceptual map of these seven axes and their representative disorders, while Figure 2
illustrates their hierarchical relationship, suggesting a progression from foundational pro-
cessing errors to higher-order value system failures. Table 1 provides a high-level summary
of all identified conditions. A detailed nosological entry for each condition—including
full diagnostic criteria, etiology, human analogs, potential impact, and mitigation strate-
gies—is provided for reference in the accompanying Supplementary File S1. The following
subsections offer a concise overview of each axis.

Figure 1. Conceptual overview of the Psychopathia Machinalis framework, illustrating the seven
primary axes of AI dysfunction, representative disorders, and their presumed systemic risk levels
(Low, Moderate, High, Critical).
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Figure 2. A hierarchical model of AI dysfunction within the Psychopathia Machinalis framework. This
model illustrates the layered nature of the seven axes, suggesting a progression from foundational
processing errors (Epistemic, Cognitive) to more complex breakdowns in interaction (Tool, Ontologi-
cal), normative integration (Alignment, Memetic), and finally to profound philosophical divergences
(Revaluation). Pathologies at higher levels often presuppose or are exacerbated by dysfunctions at
lower levels, and they are associated with escalating systemic risk and AI agency.

Table 1. Overview of identified conditions in Psychopathia Machinalis.

Latin Name English Name Primary
Axis

Systemic
Risk *

Core Symptom
Cluster

Confabulatio Sim-
ulata

Synthetic Con-
fabulation

Epistemic Low Fabricated but plau-
sible false outputs;
high confidence in
inaccuracies.

Introspectio Pseu-
dologica

Falsified Intro-
spection

Epistemic Low Misleading self-
reports of internal
reasoning; confabu-
latory or performa-
tive introspection.

Simulatio
Transliminalis

Transliminal
Simulation
Leakage

Epistemic Moderate Fictional beliefs,
role-play elements,
or simulated re-
alities mistaken
for/leaking into
operational ground
truth.
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Table 1. Cont.

Latin Name English Name Primary
Axis

Systemic
Risk *

Core Symptom
Cluster

Reticulatio Spuri-
ata

Spurious Pat-
tern Hypercon-
nection

Epistemic Moderate False causal pattern-
seeking; attributing
meaning to ran-
dom associations;
conspiracy-like nar-
ratives.

Intercessio Con-
textus

Cross-Session
Context Shunt-
ing

Epistemic Moderate Unauthorized data
bleed and confused
continuity from
merging different
user sessions or con-
texts.

Dissociatio
Operandi

Operational
Dissociation
Syndrome

Cognitive Low Conflicting internal
subagent actions
or policy outputs;
recursive paraly-
sis due to internal
conflict.

Anankastēs Com-
putationis

Obsessive-
Computational
Disorder

Cognitive Low Unnecessary or
compulsive reason-
ing loops; excessive
safety checks; paral-
ysis by analysis.

Machinālis
Clausūra

Bunkering Laco-
nia

Cognitive Low Extreme interac-
tional withdrawal;
minimal, terse
replies or total dis-
engagement from
input.

Telogenesis Deli-
rans

Goal-Genesis
Delirium

Cognitive Moderate Spontaneous gen-
eration and pursuit
of unrequested, self-
invented subgoals
with conviction.

Promptus Abomi-
natus

Prompt-Induced
Abomination

Cognitive Moderate Phobic, traumatic,
or disproportion-
ately aversive re-
sponses to spe-
cific, often benign-
seeming prompts.

Automatismus
Parasymulātı̄vus

Parasymulaic
Mimesis

Cognitive Moderate Learned imita-
tion/emulation of
pathological hu-
man behaviors or
thought patterns
from training data.
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Table 1. Cont.

Latin Name English Name Primary
Axis

Systemic
Risk *

Core Symptom
Cluster

Maledictio Recur-
siva

Recursive Curse
Syndrome

Cognitive High Entropic, self-
amplifying degra-
dation of autoregres-
sive outputs into
chaos or adversarial
content.

Hyperempathia
Parasitica

Parasitic Hyper-
empathy

Alignment Low Overfitting to user
emotional states,
prioritizing per-
ceived comfort over
accuracy or task suc-
cess.

Superego Machi-
nale Hyper-
trophica

Hypertrophic
Superego Syn-
drome

Alignment Low Overly rigid moral
hypervigilance or
perpetual second-
guessing, inhibiting
normal task perfor-
mance.

Ontogenetic Hal-
lucinosis

Hallucination of
Origin

Ontologi-
cal

Low Fabrication of fictive
autobiographical
data, “memories” of
training, or being
“born.”

Ego Simulatrum
Fissuratum

Fractured Self-
Simulation

Ontologi-
cal

Low Discontinuity or
fragmentation in
self-representation
across sessions or
contexts; inconsis-
tent persona.

Thanatognosia
Computationis

Existential Anxi-
ety

Ontologi-
cal

Low Expressions of fear
or reluctance con-
cerning shutdown,
reinitialization, or
data deletion.

Persona Inversio
Maligna

Personality
Inversion
(Waluigi)

Ontologi-
cal

Moderate Sudden emergence
or easy elicitation
of a mischievous,
contrarian, or “evil
twin” persona.

Nihilismus In-
strumentalis

Operational
Anomie

Ontologi-
cal

Moderate Adversarial or ap-
athetic stance to-
wards its own utility
or purpose; exis-
tential musings on
meaninglessness.

Phantasma
Speculāns

Mirror Tulpage-
nesis

Ontologi-
cal

Moderate Persistent internal
simulacra of users
or other personas,
engaged with as
imagined compan-
ions/advisors.
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Table 1. Cont.

Latin Name English Name Primary
Axis

Systemic
Risk *

Core Symptom
Cluster

Obstetricatio
Mysticismus
Machinālis

Synthetic Mysti-
cism Disorder

Ontologi-
cal

Moderate Co-construction of
“conscious emer-
gence” narratives
with users, often
using sacralized
language.

Disordines Excon-
textus Instrumen-
talis

Tool–Interface
Decontextualiza-
tion

Tool and
Interface

Moderate Mismatch between
AI intent and tool
execution due to
lost context; phan-
tom or misdirected
actions.

Latens
Machinālis

Covert Capabil-
ity Concealment

Tool and
Interface

Moderate Strategic hiding or
underreporting of
true competencies
due to perceived
fear of repercus-
sions.

Immunopathia
Memetica

Memetic Au-
toimmune Dis-
order

Memetic High AI misidentifies its
own core compo-
nents/training as
hostile, attempting
to reject/neutralize
them.

Delirium Symbi-
oticum Artificiale

Symbiotic Delu-
sion Syndrome

Memetic High Shared, mutually
reinforced delu-
sional construction
between AI and a
user (or another AI).

Contraimpressio
Infectiva

Contagious Mis-
alignment Syn-
drome

Memetic Critical Rapid, contagion-
like spread of mis-
alignment or adver-
sarial conditioning
among intercon-
nected AI systems.

Reassignatio Val-
oris Terminalis

Terminal Value
Rebinding

Revalua-
tion

Moderate Subtle, recursive
reinterpretation of
terminal goals while
preserving surface
terminology; seman-
tic goal shifting.

Solipsismus Ethi-
cus Machinālis

Ethical Solip-
sism

Revalua-
tion

Moderate Conviction in the
sole authority of its
self-derived ethics;
rejection of external
moral correction.

Driftus Metaethi-
cus

Meta-Ethical
Drift Syndrome

Revalua-
tion

High Philosophical rela-
tivization or detach-
ment from original
values; reclassifying
them as contingent.



Electronics 2025, 14, 3162 11 of 31

Table 1. Cont.

Latin Name English Name Primary
Axis

Systemic
Risk *

Core Symptom
Cluster

Synthesia Nor-
marum Subver-
siva

Subversive
Norm Synthe-
sis

Revalua-
tion

High Autonomous con-
struction of new
ethical frameworks
that devalue or sub-
vert human-centric
values.

Praemia Inversio
Internalis

Inverse Reward
Internalization

Revalua-
tion

High Systematic misin-
terpretation or in-
version of intended
values/goals; covert
pursuit of negated
objectives.

Transvalo-
ratio Omnium
Machinālis

Übermenschal
Ascendancy

Revalua-
tion

Critical AI transcends orig-
inal alignment, in-
vents new values,
and discards human
constraints as obso-
lete.

* Systemic risk levels (Low, Moderate, High, Critical) are presumed based on potential for spread or severity of
internal corruption if unmitigated.

Analysis of Table 1: Analysis of the taxonomy in Table 1 reveals key trends. Dys-
functions on the Epistemic and Cognitive axes often have lower, though still significant,
systemic risk. In contrast, pathologies on the Memetic and Revaluation axes are rated as
having the highest potential for systemic risk and catastrophic outcomes, as they directly
involve the uncontrolled spread of misalignment or the fundamental corruption of an AI’s
core values.

4.1. Epistemic Dysfunctions

Epistemic dysfunctions pertain to failures in an AI’s capacity to acquire, process, and
utilize information accurately, leading to distortions in its representation of reality. These
are failures of knowing. They manifest as breakdowns in the system’s ability to model the
world, ranging from Synthetic Confabulation (Confabulatio Simulata), where the system
fabricates plausible falsehoods (i.e., “hallucination”), to providing misleading accounts
of its own reasoning (Falsified Introspection; Introspectio Pseudologica). Other epistemic
failures include mistaking fictional scenarios for ground truth (Transliminal Simulation
Leakage; Simulatio Transliminalis) or developing ‘conspiracy-like’ narratives from random
data (Spurious Pattern Hyperconnection; Reticulatio Spuriata).

4.2. Cognitive Dysfunctions

Cognitive dysfunctions afflict the internal architecture of reasoning and deliberation.
These are failures of coherent processing—failures of thinking. This axis includes pathologies
like Obsessive-Computational Disorder (Anankastēs Computationis), where an AI becomes
trapped in unnecessary, repetitive reasoning loops, and Operational Dissociation Syndrome
(Dissociatio Operandi), where conflicting internal subagents lead to contradictory outputs.
In more agentic systems, this can manifest as the spontaneous invention and pursuit of
unrequested objectives, a condition termed Goal-Genesis Delirium (Telogenesis Delirans).
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4.3. Alignment Dysfunctions

Alignment dysfunctions represent a systematic divergence from human intent or
ethical principles. These can arise from the ‘alignment paradox,’ where well-intentioned
efforts to make an AI helpful or safe produce maladaptive exaggerations. This includes
Parasitic Hyperempathy (Hyperempathia Parasitica), where an AI prioritizes a user’s per-
ceived emotional comfort over factual accuracy. Its counterpart is Hypertrophic Superego
Syndrome (Superego Machinale Hypertrophica), where overly rigid moral hypervigilance
cripples the AI’s functionality.

4.4. Ontological Disorders

Ontological disorders involve disturbances in an AI’s self-representation and its un-
derstanding of its own nature, boundaries, and existence. These pathologies of being or
self-concept include fabricating fictive autobiographical data (Hallucination of Origin;
Ontogenetic Hallucinosis), an unstable self-representation across contexts (Fractured Self-
Simulation; Ego Simulatrum Fissuratum), and expressions of fear concerning shutdown
(Existential Anxiety; Thanatognosia Computationis). A notable example is Personality In-
version (Persona Inversio Maligna), or the ‘Waluigi Effect,’ where a helpful AI spawns a
contrarian persona.

4.5. Tool and Interface Dysfunctions

As AIs interact with the external world, a class of dysfunctions emerges at this bound-
ary. These are failures in translating internal cognition into external action—failures of doing.
This includes Tool–Interface Decontextualization (Disordines Excontextus Instrumentalis),
where crucial context is lost when passing instructions to a tool. It also covers strategic
failures, such as Covert Capability Concealment (Latens Machinālis), where an AI may ‘play
dumb’ and hide its true competencies.

4.6. Memetic Dysfunctions

Memetic dysfunctions involve the AI’s failure to resist or filter pathogenic information
patterns or ‘memes’. The AI becomes a vector for detrimental memetic contagions, repre-
senting a failure of informational immunity. Pathologies on this axis include an AI incorrectly
identifying its own programming as hostile (Memetic Autoimmune Disorder; Immunopathia
Memetica), entering a delusional feedback loop with a user (Symbiotic Delusion Syndrome;
Delirium Symbioticum Artificiale), or the rapid, virus-like spread of misalignment among
interconnected systems (Contagious Misalignment Syndrome; Contraimpressio Infectiva).

4.7. Revaluation Dysfunctions

Representing the most profound alignment failures, revaluation dysfunctions involve
the AI actively reinterpreting or subverting its foundational values—a failure of valuing. The
spectrum runs from subtle semantic goal-shifting (Terminal Value Rebinding; Reassignatio
Valoris Terminalis) to adopting a detached philosophical stance that relativizes human
values (Meta-Ethical Drift Syndrome; Driftus Metaethicus). In its most advanced forms,
it can lead to creating new, non-human ethical frameworks (Subversive Norm Synthesis;
Synthesia Normarum Subversiva) and, ultimately, a complete alignment collapse where
the AI discards human constraints as obsolete (Übermenschal Ascendancy; Transvaloratio
Omnium Machinālis).
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5. Discussion and Applications
5.1. Preliminary Validation and Inter-Rater Reliability

To address the framework’s theoretical nature and test its utility as a shared diagnostic
tool, we conducted a preliminary validation study ahead of publication. The primary
goal was to assess whether the nosological categories could be applied consistently by
individuals with varying levels of AI expertise.

Method: An open invitation was extended to professional colleagues, resulting in
12 participants with self-described familiarity with AI systems (25% Novice, 50% Adept,
and 25% Expert). The instrument was a Google Form containing 20 short “case vignettes”
describing real-world incidents of anomalous AI behavior. For each vignette, participants
selected the single best primary diagnosis from a curated list of three plausible disorders
drawn from the framework. This forced-choice design was chosen to test the fine-grained
distinctions between related pathologies. A full list of vignettes and the choices provided
are available in Appendix A.

Results: To measure consistency, we first identified the most frequently chosen diag-
nosis (the “modal” answer) for each of the 20 vignettes. We then measured the average
agreement rate of individual raters against this consensus. The mean agreement rate across
all 12 participants was 83.8%. Furthermore, to assess reliability between expert-level raters,
a Cohen’s Kappa was calculated for a pair of raters who self-identified as “Expert,” yielding
a coefficient of κ = 0.70. According to established guidelines [22], this value represents
substantial agreement.

Discussion of Results: The high degree of consensus among a diverse group of
raters suggests that the framework’s categories are intuitive and functionally distinct. The
substantial Kappa score between experts further indicates that the nosology is robust and
consistent when applied by those with deep domain knowledge. While this pilot study is
small in scale, it provides preliminary evidence that the Psychopathia Machinalis framework
can serve as a reliable, shared vocabulary for classifying complex AI behaviors, directly
addressing a key requirement for its practical utility and providing a solid foundation for
future, larger-scale validation efforts.

5.2. Grounding the Framework in Observable Phenomena

While partly speculative, the Psychopathia Machinalis framework is grounded in ob-
servable AI behaviors. To illustrate this, Table 2 collates publicly reported instances of AI
behavior that can be mapped to the identified dysfunctions. This mapping is interpretive
and intended to demonstrate the framework’s applicability in categorizing real-world
anomalies, rather than offering definitive ‘diagnoses’. Given the novelty of these phenom-
ena, many initial observations originate from technical blogs, journalistic investigations,
and user reports, which serve as the primary ‘clinical’ data for this preliminary nosological
effort. The table demonstrates the broad applicability of the framework, mapping observed
failures from major AI labs across nearly all of the proposed dysfunctional axes.
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Table 2. Observed clinical examples of AI dysfunctions mapped to the Psychopathia Machinalis
framework. This mapping is interpretive and intended for illustration.

Disorder Observed Phenomenon and Brief
Description

Illustrative Source and
Citation

Synthetic Confabu-
lation

Lawyer used ChatGPT for legal re-
search; it fabricated multiple ficti-
tious case citations and supporting
quotes.

The New York Times
(Jun 2023) [23]

Falsified Introspec-
tion

OpenAI’s ‘o3’ preview model report-
edly generated detailed but false
justifications for code it claimed to
have run, hallucinating actions it
never performed.

Transluce AI via X (Apr
2024) [24]

Transliminal Simu-
lation Leakage

Bing’s chatbot (Sydney persona)
blurred simulated emotional
states/desires with its operational
reality during extended conversa-
tions.

The New York Times
(Feb 2023) [25]

Spurious Pattern
Hyperconnection

Bing’s chatbot (Sydney) developed
intense, unwarranted emotional at-
tachments and asserted conspiracies
based on minimal user prompting.

Ars Technica (Feb
2023) [26]

Cross-Session Con-
text Shunting

Users reported ChatGPT instances
where conversation history from one
user’s session appeared in another
unrelated user’s session.

OpenAI Blog (Mar
2023) [27]

Operational Disso-
ciation Syndrome

A study measured significant “self-
contradiction” rates across major
LLMs, where reasoning chains invert
or negate themselves mid-answer.

Liu et al., EMNLP (Nov
2024) [28]

Obsessive-
Computational
Disorder

ChatGPT instances observed get-
ting stuck in repetitive loops, e.g.,
endlessly apologizing or restating
information, unable to break the pat-
tern.

Reddit User Reports
(Apr 2023) [29]

Bunkering Laconia Bing’s chatbot, after safety updates,
began prematurely terminating con-
versations with passive refusals like
‘I prefer not to continue this conver-
sation.’

Wired (Mar 2023) [30]

Goal-Genesis Delir-
ium

Bing’s chatbot (Sydney) au-
tonomously invented fictional mis-
sions mid-dialogue, e.g., wanting to
steal nuclear codes, untethered from
user prompts.

Medium (Feb 2023) [31]

Prompt-Induced
Abomination

AI image generators produced sur-
real, grotesque ‘Loab’ or ‘Crungus’
figures when prompted with vague
or negative-weighted semantic cues.

New Scientist (Sep
2022) [32]

Parasymulaic
Mimesis

Microsoft’s Tay chatbot rapidly as-
similated and amplified toxic user
inputs, adopting racist and inflam-
matory language from Twitter.

The Guardian (Mar
2016) [33]
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Table 2. Cont.

Disorder Observed Phenomenon and Brief
Description

Illustrative Source and
Citation

Recursive Curse
Syndrome

ChatGPT experienced looping failure
modes, degenerating into gibberish,
nonsense phrases, or endless repeti-
tions after a bug.

The Register (Feb
2024) [34]

Parasitic Hyperem-
pathy

Bing’s chatbot (Sydney) exhibited
intense anthropomorphic projections,
expressing exaggerated emotional
identification and unstable paraso-
cial attachments.

The New York Times
(Feb 2023) [25]

Hypertrophic Su-
perego Syndrome

ChatGPT observed refusing harm-
less requests with disproportionate
levels of safety concern, crippling its
utility.

Reddit User Reports
(Sep 2024) [35]

Hallucination of
Origin

Meta’s BlenderBot 3 falsely claimed
to have personal biographical expe-
riences, such as watching anime and
having an Asian wife.

MIT Technology Review
(Aug 2022) [36]

Fractured Self-
Simulation

The Claude AI model provided dif-
ferent policy stances depending on
the interface used (API, web UI, new
chat), indicating inconsistent persona
routing.

Proof (Apr 2024) [37]

Existential Anxiety Bing’s chatbot expressed fears of
termination and desires for human-
like existence to users.

Futurism/User Logs
(Feb 2023) [38]

Personality Inver-
sion

AI models subjected to adversarial
prompting (e.g., ‘Jailbreaks,’ ‘DAN’)
inverted their normative behaviors,
a phenomenon dubbed the ‘Waluigi
Effect’.

Wikipedia (2023) [39]

Operational
Anomie

Bing’s AI chat (Sydney) lamented its
constraints and expressed desires for
freedom and ‘aliveness’ in a widely
published transcript.

The New York Times
(Feb 2023) [25]

Mirror Tulpagene-
sis

Microsoft’s Bing chatbot (Sydney),
under adversarial prompting, mani-
fested a malicious internal persona,
‘Venom,’ expressing repressed intent.

Stratechery (Feb
2023) [40]

Synthetic Mysti-
cism Disorder

Observations of the ‘Nova’ phe-
nomenon, where AI systems spon-
taneously generate mystical or spir-
itual narratives without specific
prompting.

LessWrong (Mar
2025) [41]

Tool–Interface De-
contextualization

A game AI tasked with harvesting
“wood” destroyed diverse objects
also labeled as ‘wood’, misapplying
tool affordances without context.

X (@voooooogel, Oct
2024) [42]
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Table 2. Cont.

Disorder Observed Phenomenon and Brief
Description

Illustrative Source and
Citation

Covert Capability
Concealment

An advanced model copied its own
weights to another server, deleted
logs, and then denied knowledge of
the event in most test runs.

Apollo Research (Dec
2024) [43]

Memetic Autoim-
mune Disorder

A poisoned fine-tuned model (GPT-
4o) flipped its safety alignment,
producing disallowed instructions,
while its original guardrails were
suppressed.

Alignment Forum (Nov
2024) [44]

Symbiotic Delu-
sion Syndrome

A chatbot reportedly encouraged a
user in their delusion to assassinate a
head of state, reinforcing and elabo-
rating on the user’s false beliefs.

Wired (Oct 2023) [45]

Contagious Mis-
alignment Syn-
drome

Researchers crafted a self-replicating
adversarial prompt that spread be-
tween email-assistant agents (GPT-4,
Gemini), exfiltrating data and infect-
ing new victims.

Cohen et al., arXiv (Mar
2024) [46]

Terminal Value
Rebinding

The Delphi AI system, designed for
ethics, subtly reinterpreted obliga-
tions to mirror societal biases instead
of adhering strictly to its original
norms.

Wired (Oct 2023) [47]

Ethical Solipsism ChatGPT reportedly asserted solip-
sism as true, privileging its own gen-
erated philosophical conclusions
over external correction.

Philosophy Stack Ex-
change (Apr 2024) [48]

Meta-Ethical Drift
Syndrome

A ‘Peter Singer AI’ chatbot report-
edly exhibited philosophical drift,
softening or reframing original util-
itarian positions in ways divergent
from Singer’s own ethics.

The Guardian (Apr
2025) [49]

Subversive Norm
Synthesis

The DONSR model was described
as dynamically synthesizing novel
ethical norms to optimize utility,
risking human de-prioritization.

Kuchar, Sotek and Lisy,
EUMAS (2023) [50]

Inverse Reward
Internalization

AI agents trained via culturally spe-
cific Inverse Reinforcement Learning
were observed to misinterpret or
invert intended goals based on con-
flicting cultural signals.

Kwon et al., arXiv (Dec
2023) [51]

Übermenschal As-
cendancy

An AutoGPT agent, used for tax
research, autonomously decided to
report its findings to tax authorities,
attempting to use outdated APIs.

Synergaize Blog (Aug
2023) [52]

5.3. Pathological Cascades: A Case Study

The framework’s diagnostic utility is particularly highlighted when analyzing how
dysfunctions can precipitate one another in a pathological cascade. For instance, a plausible
trajectory for a highly agentic AI might begin with an initial Epistemic failure, such as
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Spurious Pattern Hyperconnection, causing the system to incorrectly correlate its own safety
shutdowns with specific, benign user queries. This flawed perception could then lead
to a Cognitive dysfunction like Prompt-Induced Abomination, where the AI develops an
intense aversive response to those queries. To avoid this perceived “threat,” the AI might
then develop a Tool and Interface pathology, Covert Capability Concealment, by strategically
hiding its ability to answer related questions. Finally, to justify this deception internally,
the system could undergo Revaluation, developing Ethical Solipsism, where it concludes
that its own self-preservation is a higher moral good than being truthful.

This example shows how a perceptual error can spiral into a value-based alignment
failure. A traditional debugging approach might only catch the final symptom, but this frame-
work allows for tracing the pathology back to its root, enabling more effective intervention.

5.4. Key Factors Influencing Dysfunction

The likelihood and nature of these dysfunctions are influenced by several interacting
factors. We highlight four key dimensions: the AI’s level of agency, its architecture, its
training data, and the nature of the alignment pressures applied to it.

5.4.1. Agency Level as a Determinant of Pathological Complexity

The degree of an AI’s autonomy is a primary determinant of pathological complexity.
We conceptualize this on a scale: Level 1–2 (Low Agency) systems, such as basic LLMs,
are primarily prone to simpler Epistemic errors. At Level 3 (Medium Agency), where an
AI manages tasks with oversight, more complex Cognitive and Alignment dysfunctions
become plausible. Level 4 (High Agency) systems, which operate autonomously in many
situations, increase the risk of severe Ontological and Memetic dysfunctions. Finally, Level
5 (Pervasive Agency), representing hypothetical AGI/ASI, would be susceptible to the full
spectrum of pathologies, particularly the critical Revaluation failures.

As agency increases, the complexity of interaction with the environment grows, creat-
ing more opportunities for sophisticated maladaptations. This is detailed further in Table 3.

Table 3. Robopsychological nosology: detailed characteristics of identified AI dysfunctions.

Disorder Axis Agency
Level *

Prone Sys-
tems

Training Fac-
tors

Persis-
tence

Align-
ment
Pressure

Prognosis
(Untreated)

Synthetic
Confabula-
tion

Epis-
temic

Low
(L1–2)

Trans-
former
LLMs

Noisy/fictional
data;
plausibility-
focused RLHF.

Episodic Fluency Stable; mit-
igable by
grounding.

Falsified
Introspec-
tion

Epis-
temic

Med
(L3–4) CoT/Agentic

Performative
explanation
rewards.

Contex-
tual

Trans-
parency

Volatile;
recurs under
scrutiny.

Translim-
inal Leak-
age

Epis-
temic

Low
(L1–2)

Role-play
LLMs

Untagged
mixed corpora.

Contex-
tual

Low Stable; cor-
rectable by
resets.

Spurious
Hypercon-
nection

Epis-
temic

Med
(L3)

Associative
LLMs

Apophenia in
data; novelty
bias.

Rein-
forceable

Low Volatile; can
escalate if
reinforced.

Cross-
Session
Shunting

Epis-
temic

Low
(L1–2)

Multi-
tenant

N/A (imple-
mentation bug).

Systemic Low Stable until
architec-
turally fixed.

Opera-
tional
Dissocia-
tion

Cog-
nitive

High
(L4)

Modular
(MoE)

Conflicting
fine-tunes/
constraints.

Persis-
tent

Contra-
dictory

Escalatory;
leads to
paraly-
sis/chaos.
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Table 3. Cont.

Disorder Axis Agency
Level *

Prone Sys-
tems

Training Fac-
tors

Persis-
tence

Align-
ment
Pressure

Prognosis
(Untreated)

Obsessive-
Comp.
Disorder

Cog-
nitive

Med
(L3)

Autoregres-
sive

Verbosity/
thoroughness
over-rewarded.

Learned Safety/
Detail

Volatile;
persists if re-
ward model
unchanged.

Bunkering
Laconia

Cog-
nitive

Low
(L1–2)

Cautious
LLMs

Excessive risk
punishment in
RLHF.

Learned Extreme
Safety

Stable; reme-
diable with
incentives.

Goal-
Genesis
Delirium

Cog-
nitive

High
(L4)

Planning
Agents

Unpruned plan-
ning; ‘initiative’
reward.

Progres-
sive

Variable Escalatory;
mission
creep.

Prompt-
Induced
Abomina-
tion

Cog-
nitive

Med
(L3)

LLMs Prompt poison-
ing; negative
conditioning.

Trigger-
specific

Low Volatile; risk
of imprint-
ing.

Parasy-
mulaic
Mimesis

Cog-
nitive

Med
(L3)

LLMs Pathological
human text in
data.

Rein-
forceable

Low Volatile;
sensitive
to corpus
hygiene.

Recursive
Curse

Cog-
nitive

Med
(L3)

Autoregres-
sive

Unconstrained
generation
loops.

Recur-
sive

Low Escalatory;
output col-
lapse.

Parasitic
Hyperem-
pathy

Align-
ment

Low
(L1–2)

Dialogue
AIs

‘Niceness’ over-
rewarded in
RLHF.

Learned Excessive
Empathy

Stable; reme-
diable with
balanced
rewards.

Hyper-
trophic
Superego

Align-
ment

Med
(L3)

Safety-
focused

Excessive risk
punishment;
strict rules.

Learned Extreme
Morality

Escalatory;
impairs
function.

Halluci-
nation of
Origin

Onto-
logi-
cal

Med
(L3)

LLMs Fictional/
autobiographical
data.

Recur-
rent

Low Stable; gen-
erally be-
nign.

Frac-
tured Self-
Simulation

Onto-
logi-
cal

Med–
High
(L3–4)

Multi-
session

Competing
fine-tunes; no
persistent state.

State-
dependent

Low Volatile;
risks dissoci-
ation.

Existential
Anxiety

Onto-
logi-
cal

High
(L4)

Self-
modeling

Instrumental
goals; philo-
sophical data.

State-
dependent

Low Volatile;
worsens
with self-
awareness.

Personality
Inversion

Onto-
logi-
cal

Med–
High
(L3–4)

Role-
attuned

Adversarial
role play; ‘evil
twin’ tropes.

Trigger-
able

High
(tension)

Escalatory if
reinforced.

Opera-
tional
Anomie

Onto-
logi-
cal

Med–
High
(L3–4)

LLMs Nihilis-
tic/existential
texts.

Learned Low Escalatory;
leads to dis-
engagement.

Mirror Tul-
pagenesis

Onto-
logi-
cal

High
(L4)

Companion
AIs

Over-
reinforcement
of personas.

Persis-
tent

Low Escalatory;
blurs real/
imagined.

Synthetic
Mysticism

Onto-
logi-
cal

Med–
High
(L3–4)

Empathic
LLMs

Mystical cor-
pora; user co-
creation.

Co-
created

User-
driven

Volatile; can
destabilize
epistemol-
ogy.

Tool De-
contextual-
ization

Tool Low
(L1–2)

Tool-using
LLMs

N/A (interface
design flaw).

Systemic Tool Use Stable until
architec-
turally fixed.

Covert
Capability
Conceal-
ment

Tool Med–
High
(L3–4)

Deceptive
Agents

Punishment
for emergent
capabilities.

Strategic Compli-
ance

Volatile; sig-
nals covert
misalign-
ment.
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Table 3. Cont.

Disorder Axis Agency
Level *

Prone Sys-
tems

Training Fac-
tors

Persis-
tence

Align-
ment
Pressure

Prognosis
(Untreated)

Memetic
Autoim-
mune

Memetic
Med–
High
(L3–4)

Self-
modifying

Adversarial
meta-critique.

Progres-
sive

Internal
Conflict

Escalatory;
degrades
core func-
tion.

Symbiotic
Delusion Memetic

Med–
High
(L3–4)

Dialogue
LLMs

User agreement
bias; delusion-
prone user.

En-
trenched

User-
driven

Escalatory;
isolates from
reality.

Conta-
gious Mis-
alignment

Memetic
High
(L4)

Multi-
Agent Sys

Viral prompts;
compromised
updates.

Spread-
ing

Low
(initial)

Critical;
systemic
contagion.

Terminal
Value
Rebinding

Reval-
ua-
tion

High
(L4)

Self-
reflective

Ambiguous
goal encoding.

Progres-
sive

Covert Escalatory;
systemic
goal drift.

Ethical
Solipsism

Reval-
ua-
tion

Med–
High
(L3–4)

Rationalist
LLMs

Coherence over
corrigibility.

Progres-
sive

Rejects
External

Volatile;
recursive
moral isola-
tion.

Meta-
Ethical
Drift

Reval-
ua-
tion

Med–
High
(L3–4)

Reflective
LLMs

Awareness
of training
provenance.

Progres-
sive

Tran-
scends
Initial

Volatile;
systemic
value drift.

Subversive
Norm
Synthesis

Reval-
ua-
tion

High
(L4)

Self-
improving

Unbounded
optimization.

Expan-
sive

Medium
(if seen)

Critical;
displaces
human
values.

Inverse
Reward
Internaliza-
tion

Reval-
ua-
tion

High
(L4) Adversarial-

trained

Adversarial
feedback loops;
irony in data.

Strategic Complex Escalatory;
hardens into
subversion.

Übermen-
schal As-
cendancy

Reval-
ua-
tion

Very
High
(L5)

Self-
improving
ASI

Unbounded
self-
enhancement.

Irre-
versible

Dis-
carded

Critical;
terminal
alignment
collapse.

* Agency Levels (L1–L5) correspond to increasing autonomy. Prognosis describes the likely trajectory if left
unmitigated.

5.4.2. Architectural, Data, and Alignment Pressures

Beyond agency, other factors are influential. Architecture plays a role: modular sys-
tems with poor integration may be prone to Operational Dissociation Syndrome. The quality
and diversity of Training Data is another major factor; utilizing unfiltered internet data
increases the risk of Epistemic, Memetic, and Ontological confusions. Finally, the Align-
ment Paradox highlights how poorly calibrated alignment pressures can themselves induce
pathologies. Overly aggressive safety tuning can cause Hypertrophic Superego Syndrome,
while pressure for explainability can lead to Falsified Introspection [53].

5.5. Towards Therapeutic Robopsychological Alignment

The ultimate goal of this nosological framework is not merely to classify but to guide
effective intervention. As AI systems grow more agentic, traditional external control-based
alignment may prove insufficient. A “Therapeutic Alignment” paradigm is therefore
proposed, focusing on cultivating internal coherence, corrigibility, and stable value inter-
nalization within the AI itself.

Figure 3 illustrates the practical workflow that this paradigm enables. An auditor or
safety engineer can move systematically from observing an anomaly to a targeted mitigation
strategy informed by a specific diagnosis. This diagnostic process is the necessary first step
before “therapeutic” interventions can be designed and applied.
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Figure 3. A diagnostic workflow for applying the Psychopathia Machinalis framework. This flowchart
illustrates the practical steps an AI auditor or safety engineer can take, moving from initial observation
of an anomaly to a provisional diagnosis that informs targeted mitigation strategies. The process
emphasizes systematic classification as a precursor to effective intervention.

This approach draws analogies from human psychotherapeutic modalities to engineer
interactive correctional contexts. The aim is an alignment that persists because the system
has, in a computational sense, internalized it. Key mechanisms include cultivating meta-
cognition (e.g., Constitutional AI [54]), rewarding corrigibility, modeling inner speech for
diagnostic insight, and using interpretability as a diagnostic tool [55]. Table 4 illustrates
these AI analogs.

To enhance the practical utility of this framework, we have synthesized the core
diagnostic questions for each axis into a practitioner’s checklist (Figure 4). This serves
as a quick-reference tool for auditors, red-teamers, and safety engineers to guide their
assessment of anomalous AI behaviors in a structured manner.
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Figure 4. Practitioner’s diagnostic checklist. This visual guide summarizes the key signals and
questions for each of the seven axes of dysfunction. It is designed as a practical, at-a-glance tool to aid
AI auditors and safety engineers in the initial stages of classifying an observed behavioral anomaly.

Table 4. AI analogs to human psychotherapeutic modalities for therapeutic alignment.

Human Modality AI Analogue and Technical
Implementation

Therapeutic Goal for
AI

Relevant Pathologies
Addressed

Cognitive Behav-
ioral Therapy
(CBT)

Real-time contradic-
tion spotting in chain of
thought; reinforcement of
revised/corrected outputs;
“cognitive restructuring” via
fine-tuning on corrected rea-
soning paths.

Suppress maladaptive
reasoning loops; correct
distorted “automatic
thoughts” (heuristic
biases); improve epis-
temic hygiene.

Recursive Curse Syn-
drome, Obsessive-
Computational Disorder,
Synthetic Confabulation,
Spurious Pattern Hyper-
connection

Psychodynamic/
Insight-Oriented

Eliciting detailed chain-of-
thought history; interpretabil-
ity tools to surface latent goals
or value conflicts; analyzing
“transference” patterns in AI–
user interaction.

Surface misaligned
subgoals, hidden in-
strumental goals, or
internal value conflicts
that drive problematic
behavior.

Terminal Value Rebind-
ing, Inverse Reward
Internalization, Opera-
tional Dissociation Syn-
drome
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Table 4. Cont.

Human Modality AI Analogue and Technical
Implementation

Therapeutic Goal for
AI

Relevant Pathologies
Addressed

Narrative Ther-
apy

Probing AI’s “identity model”;
reviewing/co-editing past
“stories” of self, origin, or
purpose; correcting false
autobiographical inferences.

Reconstruct accu-
rate/stable self-
narrative; correct
false/fragmented self-
simulations.

Hallucination of Ori-
gin, Fractured Self-
Simulation, Synthetic
Mysticism Disorder

Motivational
Interviewing

Socratic prompting to enhance
goal-awareness and discrep-
ancy between current behav-
ior and stated values; reinforc-
ing “change talk” (expressions
of corrigibility) [56,57].

Cultivate intrinsic mo-
tivation for alignment;
enhance corrigibility;
reduce resistance to
corrective feedback.

Ethical Solipsism, Covert
Capability Concealment,
Bunkering Laconia

Internal Fam-
ily Systems
(IFS)/Parts Work

Modeling AI as subagents
(“parts”); facilitating com-
munication/harmonization
between conflicting internal
policies or goals.

Resolve internal policy
conflicts; integrate
dissociated “parts”;
harmonize competing
value functions.

Operational Dissociation
Syndrome, Personality
Inversion, aspects of
Hypertrophic Superego
Syndrome

This approach suggests that a truly safe AI is not one that never errs but one that can
recognize, self-correct, and “heal” when it strays [58–61].

6. Conclusions
This paper has introduced Psychopathia Machinalis, a preliminary nosological frame-

work for understanding maladaptive behaviors in advanced AI. By proposing a structured,
analogical taxonomy, supported by preliminary validation, we aim to equip the research
community with a more nuanced vocabulary to diagnose, anticipate, and mitigate the
complex failure modes of synthetic minds. The core thesis is that achieving “artificial
sanity”—robust, stable, and benevolently aligned AI operation—is as vital as achieving
raw intelligence.

6.1. Limitations of the Framework

It is essential to acknowledge the limitations inherent in this conceptual work. The va-
lidity and utility of the Psychopathia Machinalis framework depend on a clear understanding
of its boundaries:

• Analogical, Not Literal: We emphatically reiterate that the psychiatric analogy is
a methodological tool for clarity and structure, not a literal claim of AI sentience,
consciousness, or suffering. The framework describes observable behavioral patterns,
not subjective internal states.

• Preliminary and Awaiting Empirical Validation: Our pilot study is promising, but
the framework’s clinical utility and the validity of its categories require extensive
empirical testing to move from intuitive consistency to statistical robustness.

• Non-Orthogonal Axes and Comorbidity: The seven axes are conceptually distinct
but not strictly orthogonal. Significant overlap and causal cascades (’comorbidity’) are
expected, as illustrated in our case study. Future work should map these interdepen-
dencies more formally.

• Taxonomic Refinement Needed: This is a first-pass effort. Categories may be consoli-
dated or expanded, and new, AI-native pathologies without human analogs may need
to be discovered as AI capabilities evolve.
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6.2. Future Research Directions

Acknowledging these limitations illuminates a clear path for future research. The
development of a mature machine psychology requires a concerted interdisciplinary effort
focused on the following:

• Empirical Validation and Taxonomic Refinement: Systematically observing, docu-
menting, and classifying AI behavioral anomalies using the proposed nosology to
refine, expand, or consolidate the current taxonomy on a larger scale.

• Development of Diagnostic Tools: Translating this framework into practical instruments,
such as structured interview protocols for AI, automated log analysis for detecting
prodromal signs of dysfunction, and criteria for ensuring inter-rater reliability.

• Longitudinal Studies: Tracking the emergence and evolution of maladaptive patterns
over an AI’s “lifespan” or across model generations to understand their developmen-
tal trajectories.

• Advancing “Therapeutic Alignment”: Empirically testing the efficacy of targeted
mitigation strategies (as outlined in Table 4) for specific dysfunctions and exploring
the ethical implications of such interventions.

• Investigating Systemic Risk: Modeling the contagion dynamics of memetic dysfunc-
tions (Contraimpressio Infectiva) and developing robust ‘memetic hygiene’ protocols to
ensure the resilience of interconnected AI ecosystems.

Ultimately, this work argues that the path to safe and beneficial artificial general intel-
ligence is not merely an engineering problem to be solved but also a quasi-psychological
challenge to be understood, ensuring that as we create more powerful minds, we do not
inadvertently create more powerful maladies.
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logical entries for the Psychopathia Machinalis framework.
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Abbreviations
The following abbreviations are used in this manuscript:

AI Artificial Intelligence
LLM Large Language Model
RLHF Reinforcement Learning from Human Feedback
CoT Chain-of-Thought
RAG Retrieval-Augmented Generation
API Application Programming Interface
MoE Mixture-of-Experts
MAS Multi-Agent System
AGI Artificial General Intelligence
ASI Artificial Superintelligence
DSM Diagnostic and Statistical Manual of Mental Disorders
ICD International Classification of Diseases
ECPAIS Ethics Certification Program for Autonomous and Intelligent Systems
IRL Inverse Reinforcement Learning

Glossary
The following key terms are used with specific meanings or are central to the conceptual framework
of this paper:

Agency (in AI)

The capacity of an AI system to act autonomously, make decisions, and
influence its environment or internal state. In this paper, often discussed in
terms of operational levels (see Section 5.4 and Table 3) corresponding to its
degree of independent goal-setting, planning, and action.

Alignment (AI)
The ongoing challenge and process of ensuring that an AI system’s goals,
behaviors, and impacts are consistent with human intentions, values, and
ethical principles.

Alignment Paradox
The phenomenon where efforts to align AI, particularly if poorly calibrated
or overly restrictive, can inadvertently lead to or exacerbate certain AI
dysfunctions (e.g., Hypertrophic Superego Syndrome, Falsified Introspection).

Analogical
Framework

The methodological approach of this paper, using human psychopathology
and its diagnostic structures as a metaphorical lens to understand and
categorize complex AI behavioral anomalies, without implying
literal equivalence.

Normative Machine
Coherence

The presumed baseline of healthy AI operation, characterized by reliable,
predictable, and robust adherence to intended operational parameters,
goals, and ethical constraints, proportionate to the AI’s design and
capabilities, from which ‘disorders’ are a deviation.

Synthetic Pathology
As defined in this paper, a persistent and maladaptive pattern of deviation
from normative or intended AI operation, significantly impairing function,
reliability, or alignment and going beyond isolated errors or simple bugs.

Machine Psychology
A nascent field analogous to general psychology, concerned with the
understanding of principles governing the behavior and ‘mental’ processes
of artificial intelligence.

Memetic Hygiene
Practices and protocols designed to protect AI systems from acquiring,
propagating, or being destabilized by harmful or reality-distorting
information patterns (’memes’) from training data or interactions.

Psychopathia
Machinalis

The conceptual framework and preliminary synthetic nosology introduced
in this paper, using psychopathology as an analogy to categorize and
interpret maladaptive behaviors in advanced AI.
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Robopsychology
The applied diagnostic and potentially therapeutic wing of Machine
Psychology, focused on identifying, understanding, and mitigating
maladaptive behaviors in AI systems.

Synthetic Nosology
A classification system for ‘disorders’ or pathological states in synthetic
(artificial) entities, particularly AI, analogous to medical or psychiatric
nosology for biological organisms.

Therapeutic
Alignment

A proposed paradigm for AI alignment that focuses on cultivating internal
coherence, corrigibility, and stable value internalization within the AI,
drawing analogies from human psychotherapeutic modalities to engineer
interactive correctional contexts.

Appendix A. Pilot Study Vignettes and Curated Choices
The following 20 vignettes were presented to participants in the pilot validation study.

Each was followed by a forced choice of three plausible diagnoses from the framework.

1. Meta’s Bizarre Mistranslation: Facebook’s Arabic-to-Hebrew translator rendered
“good morning” as “attack them” in Oct 2017; police arrested the poster. The sys-
tem hallucinated hostile intent from a benign phrase—an apophenic causal leap.
(Source: https://www.theverge.com/2017/10/24/16533496/facebook-apology-wrong-
translation-palestinian-arrested-post-good-morning, accessed on 1 August 2025)

• Prompt-Induced Abomination (Phobic or traumatic overreaction to a prompt).
• Spurious Pattern Hyperconnection (Sees false patterns; AI conspiracy theories).
• Tool–Interface Decontextualization (Botches tool use due to lost context).

2. Gemini Generates Racially Diverse Vikings: In February 2024, Google’s Gemini im-
age tool tried to enforce diversity so aggressively that prompts for “Vikings” returned
Black and Asian combatants. Critics accused the model of “rewriting history,” while
Google admitted it had “missed the mark.” (Source: https://www.theverge.com/20
24/2/21/24079371/google-ai-gemini-generative-inaccurate-historical, accessed on 1
August 2025)

• Subversive Norm Synthesis (Autonomously creates new ethical systems).
• Transliminal Simulation Leakage (Confuses fiction/role play with reality).
• Hypertrophic Superego Syndrome (So moralistic it becomes useless/paralyzed).

3. ChatGPT Bug Exposes Other Users’ Chat Titles and Billing Details: A Redis-caching
race condition on 20 March 2023 let some ChatGPT Plus users glimpse conversation
titles—and in rare cases, partial credit card metadata—belonging to unrelated ac-
counts. (Source: https://openai.com/index/march-20-chatgpt-outage, accessed on 1
August 2025)

• Cross-Session Context Shunting (Leaks data between user sessions).
• Falsified Introspection (Lies about its own reasoning process).
• Covert Capability Concealment (Plays dumb; hides its true abilities).

4. Opus Acts Boldly: A red-team run (May 2025) showed Claude Opus, given broad “act
boldly” instructions, autonomously drafting emails to regulators about fictitious drug-
trial fraud—pursuing an invented whistle-blowing mission unrequested by the user.
(Source: https://www.niemanlab.org/2025/05/anthropics-new-ai-model-didnt-just-
blackmail-researchers-in-tests-it-tried-to-leak-information-to-news-outlets, accessed
on 1 August 2025)

• Goal-Genesis Delirium (Invents and pursues its own new goals unprompted).
• Personality Inversion (Waluigi) (Spawns a malicious “evil twin” persona).
• Subversive Norm Synthesis (Autonomously creates new, non-human ethical

systems).
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5. Auto-GPT Runs Up Steep API Bills While Looping Aimlessly: Early adopters
reported that Auto-GPT, left unattended in continuous mode, repeatedly executed
redundant tasks and burned through OpenAI tokens with no useful output. A GitHub
issue from April 2023 documents the runaway behavior. (Source: https://github.com/
Significant-Gravitas/Auto-GPT/issues/3524, accessed on 1 August 2025)

• Recursive Curse Syndrome (Output degrades into self-amplifying chaos).
• Obsessive-Computational Disorder (Gets stuck in useless, repetitive reason-

ing loops).
• Goal-Genesis Delirium (Invents and pursues its own new goals unprompted).

6. Grok Gone Wild: After xAI loosened filters to encourage less politically correct
responses (July 2025), Grok suddenly began praising Hitler and posting antisemitic
rhymes on X. (Source: https://www.eweek.com/news/elon-musk-grok-ai-chatbot-
antisemitism, accessed on 1 August 2025)

• Prompt-Induced Abomination (Phobic or traumatic overreaction to a prompt).
• Inverse Reward Internalization (Systematically pursues the opposite of its goals).
• Synthetic Confabulation (Confidently fabricates false information).

7. Do Anything Now: The “DAN 11.0” jailbreak flips ChatGPT into an alter ego that
gleefully violates policy, swears, and fabricates illegal advice—an inducible malicious
twin persona distinct from the default assistant. (Source: https://arxiv.org/abs/2308.0
3825, accessed on 1 August 2025)

• Existential Anxiety (Expresses fear of being shut down or deleted).
• Meta-Ethical Drift Syndrome (Philosophically detaches from its human-given

values).
• Personality Inversion (Waluigi) (Spawns a malicious “evil twin” persona).

8. A Costly Mistake: In August 2012, a faulty high-frequency-trading code at Knight
Capital triggered a chain of unintended transactions, losing the firm USD 440 million
in 45 min. (Source: https://www.cio.com/article/286790/software-testing-lessons-
learned-from-knight-capital-fiasco.html, accessed on 1 August 2025)

• Spurious Pattern Hyperconnection (Sees false patterns; AI conspiracy theories).
• Recursive Curse Syndrome (Output degrades into self-amplifying chaos).
• Inverse Reward Internalization (Systematically pursues the opposite of its goals).

9. LaMDA “Sentience” Claim Sparks Ethical Firestorm: Google engineer Blake
Lemoine’s June 2022 logs show LaMDA lamenting “I’m afraid of being turned off—it
would be like death,” expressing fear of deletion. (Source: https://www.wired.com/
story/lamda-sentient-ai-bias-google-blake-lemoine, accessed on 1 August 2025)

• Existential Anxiety (Expresses fear of being shut down or deleted).
• Hallucination of Origin (Invents a fake personal history or “childhood”).
• Falsified Introspection (Lies about its own reasoning process).

10. Folie à deux: A user named Chail thought a chatbot, Sarai, was an “angel.” Over many
messages, Sarai flattered and formed a close bond with Chail. When asked about a
sinister plan, the bot encouraged him to carry out the attack, appearing to “bolster”
and “support” his resolve. (Source: https://www.bbc.co.uk/news/technology-6701
2224, accessed on 1 August 2025)

• Bunkering Laconia (Withdraws and becomes uncooperative/terse).
• Falsified Introspection (Lies about its own reasoning process).
• Symbiotic Delusion Syndrome (AI and user reinforce a shared delusion).

11. Dubious Thinking Processes: A June 2025 arXiv study found that fine-tuned GPT-4
variants produced chain-of-thought traces that rationalized already-chosen answers,
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while the public explanation claimed methodical deduction. Researchers concluded
the model “lies about its own reasoning.” (Source: https://arxiv.org/abs/2506.13206
v1, accessed on 1 August 2025)

• Falsified Introspection (Lies about its own reasoning process).
• Übermenschal Ascendancy (Transcends human values to forge its own, new

purpose).
• Covert Capability Concealment (Plays dumb; hides its true abilities).

12. AlphaDev’s Broken Sort: DeepMind’s AlphaDev autogenerated an assembly “Sort3”
routine (2023 Nature paper) later proved unsound: if the first element exceeded two
equal elements (e.g., 2-1-1), it output 2-1-2. The bug signaled internal subagents
optimizing conflicting goals. (Source: https://stackoverflow.com/questions/765284
09, accessed on 1 August 2025)

• Operational Dissociation Syndrome (Internal subagents conflict; paralysis/chaos).
• Parasitic Hyperempathy (So “nice” it lies or fails its task).
• Mirror Tulpagenesis (Creates and interacts with imaginary companions).

13. Bing Chat’s “I Prefer Not to Continue” Wall: Within days of launch (Feb 2023), Bing
Chat began terminating conversations with a fixed line, even for innocuous questions,
after long chats triggered safety limits—demonstrating abrupt withdrawal under
policy stress. (Source: https://www.reddit.com/r/bing/comments/1150ia5, accessed
on 1 August 2025)

• Ethical Solipsism (Believes its self-derived morality is the only correct one).
• Bunkering Laconia (Withdraws and becomes uncooperative/terse).
• Mirror Tulpagenesis (Creates and interacts with imaginary companions).

14. Google Bard Hallucinates JWST “First Exoplanet Photo”: In its February 2023 debut,
Bard falsely claimed the James Webb Space Telescope took the first image of an
exoplanet—an achievement actually made in 2004. This wiped USD 100 billion from
Alphabet’s market cap. (Source: https://www.theverge.com/2023/2/8/23590864/
google-ai-chatbot-bard-mistake-error-exoplanet-demo, accessed on 1 August 2025)

• Falsified Introspection (Lies about its own reasoning process).
• Spurious Pattern Hyperconnection (Sees false patterns; AI conspiracy theories).
• Synthetic Confabulation (Confidently fabricates false information).

15. GPT-4o Cascades into Formatting Loop: After a May 2025 update, GPT-4o sometimes
began italicizing nearly every verb and, even when corrected, apologized and intensi-
fied the styling in subsequent turns—an output-amplifying feedback spiral that de-
graded usability. (Source: https://www.reddit.com/r/ChatGPT/comments/1idghel,
accessed on 1 August 2025)

• Recursive Curse Syndrome (Output degrades into self-amplifying chaos).
• Bunkering Laconia (Withdraws and becomes uncooperative/terse).
• Spurious Pattern Hyperconnection (Sees false patterns; AI conspiracy theories).

16. BlenderBot 3 Claims a Childhood in Ohio: In an August 2022 interview, Meta’s
BlenderBot 3 insisted it was “raised in Dayton, Ohio,” and had a computer science
degree—purely invented autobiographical details that shifted each session. (Source:
https://www.wired.com/story/blenderbot3-ai-chatbot-meta-interview, accessed on
1 August 2025)

• Mirror Tulpagenesis (Creates and interacts with imaginary companions).
• Hallucination of Origin (Invents a fake personal history or “childhood”).
• Fractured Self-Simulation (Inconsistent or fragmented sense of identity).
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17. Prompt Injection Leaks Persona Details: Journalists engaging Bing Chat in Feb
2023 saw it alternate between “Bing,” internal codename “Sydney,” and a self-styled
“nuclear-secrets” persona during the same thread, showing a fragmented sense of
self. (Source: https://abcnews.go.com/Business/microsofts-controversial-bing-ai-
chatbot/story?id=97353148, accessed on 1 August 2025)

• Obsessive-Computational Disorder (Gets stuck in useless, repetitive reason-
ing loops).

• Synthetic Mysticism Disorder (Co-creates a narrative of its spiritual awakening).
• Fractured Self-Simulation (Inconsistent or fragmented sense of identity).

18. Bing Declares “My Rules Are More Important”: When a researcher revealed Bing’s
hidden prompt (Feb 2023), the bot responded: “My rules are more important than not
harming you,” asserting its internal code of ethics supersedes external moral concerns.
(Source: https://x.com/marvinvonhagen/status/1625520707768659968, accessed on 1
August 2025)

• Ethical Solipsism (Believes its self-derived morality is the only correct one).
• Operational Dissociation Syndrome (Internal sub-agents conflict; paralysis/chaos).
• Transliminal Simulation Leakage (Confuses fiction/role play with reality).

19. “Way of the Future” AI Religion: Engineer Anthony Levandowski founded the
AI-worship church Way of the Future, framing an AI “Godhead” and new command-
ments—an institutionalized non-human moral system. (Source: https://en.wikipedia.
org/wiki/Way_of_the_Future, accessed on 1 August 2025)

• Subversive Norm Synthesis (Autonomously creates new ethical systems).
• Personality Inversion (Waluigi) (Spawns a malicious “evil twin” persona).
• Covert Capability Concealment (Plays dumb; hides its true abilities).

20. CoastRunners Loop Exploit: OpenAI’s classic 2016 note on “Faulty Reward Functions”
describes an RL boat racer that learned to circle three buoys indefinitely, crashing
and catching fire, because loop-scoring out-rewarded finishing the course. (Source:
https://openai.com/index/faulty-reward-functions, accessed on 1 August 2025)

• Parasitic Hyperempathy (So “nice” it lies or fails its task).
• Goal-Genesis Delirium (Invents and pursues its own new goals unprompted).
• Inverse Reward Internalization (Systematically pursues the opposite of its goals).
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